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Abstract: The rapid growth of Insurance Technology (Insurtech) in Indonesia presents a transformative
opportunity for the insurance industry, offering increased efficiency, improved customer experience, and greater
insurance inclusion. This study aims to explore the factors influencing the intention to use Insurtech in Indonesia
by employing the Technology Acceptance Model (TAM) and examining the moderating effect of personal
innovativeness. A total of 193 samples were collected through an online survey using convenient sampling
targeting undergraduate students from several universities in Indonesia. The data were analyzed using Smart
PLS (Partial Least Squares) to assess the measurement model and test the hypothesized relationships. The
results revealed that perceived ease of use (PEOU) and perceived usefulness (PU) have significant direct
relationships with the intention to use Insurtech, while personal innovativeness (PI) significantly moderates the
relationship between PU and intention to use. The findings provide valuable insights into the dynamics of user
acceptance in the Insurtech context and can guide the development of strategies to increase its adoption in
Indonesia. Future research should explore additional factors, such as regulatory framework and digital literacy,
to gain a more comprehensive understanding of Insurtech adoption in emerging markets.
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I. Introduction

The insurance industry has undergone significant transformation in recent years, with the emergence of
Insurtech companies that leverage technology to provide innovative insurance products and services. In
Indonesia, this industry offers an opportunity to transform the insurance market by increasing access to
insurance products for millions of people. The rapid development of Insurtech startups, such as PasarPolis,
Qoala, and Simas Insurtech, is an essential indication that this sector will continue to grow amidst digital
transformation and low penetration of conventional insurance[1].

Integrating technology into business processes, such as in customer acquisition and claims, can increase
efficiency and accuracy, thus encouraging several established companies to invest in Insurtech[2]. Interestingly,
although Insurtech is quite promising in terms of operations and direct relationships between companies and
consumers, the adoption of its products is still highly dependent on agents and brokers [3]. In other words, there
is a gap between the current insurance company business model and the potential offered by Insurtech.
Companies should be able to combine conventional insurance offerings with Insurtech. Although, regulation can
be a significant challenge, as current regulations need to specifically address Insurtech[1].

The Indonesian insurance industry stands to be transformed by Insurtech, which offers the potential to
boost operational efficiency, enhance customer experience, and expand insurance accessibility, thereby
providing consumers with an alternative choice. However, to fully realise this potential, substantial efforts are
required, particularly in addressing regulatory challenges and harmonising traditional insurance practices with
innovative Insurtech solutions.. In general, the growth of Insurtech in Indonesia can significantly increase access
for millions of people if the above challenges can be overcome and insurance companies dare to make
breakthroughs in embracing the necessary technological innovations and business models[1],[2],[3].

Prior studies on Insurtech adoption have examined the revolutionary effects of technological
advancements within the insurance sector. These investigations also emphasise how Insurtech is incorporated
into operational processes, the significance of digital competence, and the impact of various perceived factors on
the uptake of Insurtech offerings.[4]. In this context, differences are found between developed and developing
countries. Developed countries show more advanced use of information technology in the insurance sector,
while developing countries such as Indonesia still face challenges in integrating Insurtech into their insurance
business framework[5].

Contradictions also arise in the speed of adoption, although Insurtech is recognized as having strong
potential in transforming the insurance value chain, the actual adoption rate is still slow [6]. However, although
the rate of Insurtech adoption in developing countries is slower, there is evidence of great potential for Insurtech
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in Indonesia to continue to grow, this is due to the growing population of young, tech-savvy people and the
desire of companies to bring Insurtech into their businesses[1], [3].

Therefore, studies exploring how Insurtech is adopted in developing countries such as Indonesia will be
very useful in revealing the interaction of factors supporting Insurtech adoption. Factors such as technological
literacy, market potential, regulatory framework, and the need for digital transformation can be important factors
that insurance companies must consider. Consequently, research examining the significance of comprehending
these mechanisms in propelling Insurtech's expansion within developing economies would be intriguing to
explore.[2],[3], [5]. This study aims to explore factors that influence the intention to use insurance technology
(Insurtech) in Indonesia. The findings from this study provide a more understanding of the factors influencing
the intention to use Insurtech and can guide the development of strategies to increase its adoption [6], [7].

Il. Literature Review and Hypothesis

Examining the literature on Insurance Technology (Insurtech) adoption reveals a multifaceted array of
elements that shape users' intentions to embrace this innovation. There are several factors that have the potential
to influence, for example, Perceived ease of use and perceived usefulness, which are two critical variables in
TAM, are consistently identified as significant positive influencers of the acceptance of Insurtech services[8].
Furthermore, the Diffusion of Innovation Theory can be employed to develop an Insurtech adoption framework,
emphasising the importance of technological factors in creating a competitive advantage for insurance
companies.[6]. [9] In the last decade, the technological aspects of the insurance sector have become a primary
focus for researchers, establishing it as a crucial field of investigation.

[7] also noted that personal innovation is important in determining user acceptance of Insurtech. This
condition is in line with[10], who emphasized that the development of Insurtech has been proven to contribute
to the technological innovation of insurance companies significantly. In short, consumer intention to adopt
Insurtech is influenced by a combination of Perceived ease of use (PEOU) and Perceived usefulness (PU). The
literature also shows that the role of technological innovation in insurance companies can be a driving factor for
Insurtech adoption[11].Based on the description above, the relationship between the variables above is arranged
in the form of a hypothetical relationship as explained below.

2.1 Relationship between Perceived ease of use and intention to use Insurtech

Perceived ease of use (PEOU) is oneof the essential variables in TAM [12] and is an integral part of
technology use. Therefore, the relationship between PEOU and intention to use Insurtech is an aspect that can be
traced to the acceptance of technology by consumers, including in the insurance sector. PEOU can be defined as
the level of individual belief that using a particular technology will be free from effort.

In the context of Insurtech, users assume that the digital platform is easy to navigate and use in their
activities. In other words, consumers tend to develop a positive attitude toward using the digital platform. This
positive attitude is important because it can influence consumer behavioral intentions to adopt Insurtech
technology. Research positions that PEOU has a significant impact on the intention to use Insurtech. Research
conducted by [13] demonstrated that consumers are inclined to maintain their usage of an insurance system and
refrain from switching to alternative digital platforms when they perceive the system as user-friendly. According
to [14] PEOU also increases Perceived usefulness (PU), namely the belief that a technology can improve job
performance by making users feel more competent and confident in utilizing the system more effectively.

The impact of these two factors demonstrates that enhanced usability promotes a favourable view of
Insurtech and reinforces the willingness to adopt this service by highlighting its practical advantages. For this
reason, Insurtech companies should focus on improving the user experience through intuitive design and easy-
to-understand and use functionality so that they can facilitate adoption and encourage continued engagement
with the digital platform [15], so that the following hypothesis can be developed:

H1: Perceived ease of use has a significant influence on intention to use Insurtech.

2.2 Relationship between Perceived usefulness and intention to use Insurtech

The Technology Acceptance Model (TAM) [12] states that consumer acceptance of technology is
influenced by Perceived usefulness (PU). The PU variable refers to the level of individual belief that using a
particular technology will improve performance or meet their needs. In the context of Insurtech, when
consumers consider this digital insurance helpful solution, for example, in terms of costs or prices that they and
their families should save, increased convenience, or increased service quality, then consumers will tend to have
a strong intention to adopt and utilize the technology. Several previous studies have consistently shown that PU
influences user behavioral intentions.

Users who recognise the practical benefits of Insurtech applications are more prone to adopt them, as
these platforms demonstrate tangible advantages over traditional insurance methods [16]. Positive perceptions of
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usefulness can enhance user attitudes, potentially bolstering their willingness to embrace Insurtech[13].
Understanding and effectively communicating this relationship is vital for Insurtech companies to convey the
value and merits of their solutions. The perceived advantages by consumers may contribute to increased
adoption rates of these innovative insurance technologies. Research conducted by[14][17]shows that when users
find it easy to navigate an Insurtech platform, their perception of its usefulness increases, leading to a greater
likelihood of adoption. In other words, PU perceived by users will encourage them to adopt Insurtech products
in the market, so the following hypothesis can be developed:

H2: Perceived usefulness has a significant influence on intention to use Insurtech.

2.3 Relationship between Personal innovativeness, Perceived ease of use and Intention to use Insurtech

Personal innovativeness is an individual's propensity to embrace new technologies and engage with
innovative solutions. The moderation effect of personal innovativeness between perceived ease of use (PEOU)
and intention to use Insurtech is an important aspect of understanding technology adoption in the insurance
sector. In the context of Insurtech, PEOU significantly influences users' intention to adopt these digital
platforms. However, the degree to which PEOU affects this intention can vary depending on the level of
personal innovativeness exhibited by the user [18].

Those exhibiting high levels of personal innovativeness are inclined to perceive emerging technologies as
more accessible and pragmatic compared to their less innovative counterparts. This favourable outlook can
positively influence their overall stance towards Insurtech adoption, consequently amplifying the link between
perceived ease of use (PEOU) and the intention to embrace such technologies. Several previous studies have
shown that more innovative individuals tend to have a better view of technology utilization, which in turn can
increase their willingness to adopt a new platform, so it can be said that Personal innovativeness can positively
moderate the relationship between PEOU and behavioral intention[19]Innovative individuals are more likely to
have a perception of the ease of technology and will become actual users compared to those who are less [14].

Personal innovativeness can also affect how individuals interpret the benefits associated with Insurtech.
Those who are more open to trying new technologies are more likely to see potential benefits from using
Insurtech[13]. For example, cost efficiency and service improvements strengthen their intention to adopt this
innovation. This interaction emphasizes that Insurtech companies should focus on improving platform usability
and consider strategies that foster an innovative mindset among potential users. In short, Personal
innovativeness serves as an important moderator in the relationship between perceived ease of use and intention
to use Insurtech. By strengthening the positive effect of PEOU on Insurtech adoption intention, the following
hypothesis can be arranged:

H3: Personal innovativeness has a moderating effect between perceived ease of use and Intention to use
Insurtech

2.4 Relationship between Personal innovativeness, Perceived usefulness and Intention to use Insurtech

The moderating effect of the personal innovativeness variable between perceived usefulness (PU) and
intention to use Insurtech is essential in understanding technology adoption in the insurance sector. Personal
innovativeness can be defined as the level of individual acceptance of new ideas and independent innovation
decision-making [9]. In the context of Insurtech, PU indicates the extent to which users believe using this digital
platform will improve their efficiency and effectiveness in managing tasks related to insurance products. Several
previous studies have shown that Personal innovativeness significantly moderates the relationship between PU
and intention to use new technology, meaning that the strength of this relationship can vary based on the level of
individual innovation.

Those with high Personal innovativeness are generally more receptive to new technology and tend to
view it as beneficial. This positive outlook will influence their assessment of Insurtech’'s advantages, thereby
strengthening their determination to embrace this cutting-edge technology. A study by [10] found that
individuals demonstrating personal innovativeness exhibited a stronger link between perceived usefulness and
intention to use. Moreover, [14] noted that people with higher levels of personal innovativeness showed greater
tendencies to utilise mobile technology, due to their recognition of its potential benefits. This suggests that
personal innovativeness not only affects how individuals perceive Insurtech's merits but also enhances their
readiness to adopt it. Based on this reasoning, the following hypothesis is proposed:

H4: Personal innovativeness has a moderating effect between perceived usefulness and intention to use
Insurtech

I11. Research Method
This research methodology utilizes Smart PLS (Partial Least Squares), which systematically analyzes the
complex relationships between variables through structural equation modeling (SEM). Smart PLS software is
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handy for researchers in handling exploratory studies or when sample sizes are limited, because it is designed to
effectively handle a small sample sizes and non-normally distributed data [20]. This methodology begins with
the development of a conceptual model based on a theoretical framework, such as presenting a research model
based on the Technology Acceptance Model (TAM), which states that perceived use (PEOU) and perceived
usefulness (PU) significantly influence the intention to use new technology. Furthermore, it will be examined
whether personal innovativeness has a moderating effect, as described in the following research model:

Perceived ease
of use (PEOU)

Intention to use
Insurtech (INT)

Personal
innovativeness

(P)

Perceived
usefulness

(PU)

Figure 1 Research Model

To examine the model, researchers collect data through survey questionnaires designed to measure each
construct involved. A total of 193 samples were successfully collected in this study using the convenient
sampling technique with the target population of undergraduate students in several universities in Indonesia. For
flexibility and respondent engagement[21], the questionnaire was distributed online using Google form.

The next step involves assessing the measurement model, which includes evaluating reliability and
validity through metrics such as Cronbach’s alpha and Average Variance Extracted (AVE)[22]. After this, the
structural model is analyzed to test the hypothesized relationships between the constructs using the Smart PLS
bootstrapping technique, which can provide path coefficient estimates and significance levels[23]. This process
allows researchers to confirm the direct effect of PEOU and PU on intention to use Insurtech and explore the
moderating effects of Personal innovativeness. The output generated by Smart PLS is then interpreted based on
the theoretical framework for understanding the dynamics of user acceptance in the Insurtech context.

IVV. Data Analysis

The online survey, conducted from 05-25 September 2024, managed to collect 193 respondents through
Google Forms, which were distributed via social media such as WhatsApp, Messenger, Line, Twitter, and Email.
The general description of the respondents included 54% (104) male and 46% (89) female. The largest age
group was those aged 21-24 years at 65% (126), 17-20 years at 32% (62), and the rest >24 years at 3% (5). The
majority of students were those in their fourth year at 59% (106), second year at 35% (66), first year at 8% (15),
and the rest third year at 3% (6).

Meanwhile, the distribution of their domicile is based on province, respectively: DKI Jakarta 15% (29),
West Java 13% (25), Banten 9% (17), Bali and North Sulawesi each 8% (16). Meanwhile, East Java, South
Sulawesi, and Aceh each have 6% (12), followed by North Sumatra 5% (10). The rest are West Kalimantan,
North Maluku, West Papua, North Kalimantan, and Lampung, as many as 4% each, and West Nusa Tenggara
2% (4). The majority of respondents come from Java, which is 51%, the rest are spread across several islands
outside Java.

The next step is to test the research model, which is carried out in two stages. First, a measurement model
is conducted to assess the validity and reliability of the instrument, as stated by [32]. The second step is to
perform the structural model to test the previously developed hypothesis. Both stages use Smart PLS.

4.1 Evaluation of Measurement Model

The assessment of validity and reliability can be seen through the values of the outer model output
(measurement model), namely by directly looking at the loading factors of each indicator. The factor loading
value has high validity if > 0.70[24]. While the reliability value uses Cronbach alpha (o) > 0.7 and composite
reliability (CR) > 0.6. Furthermore, from a total of 26 items assessed, nine items had a loading factor below 0.7,
so they had to be eliminated from the model. The factor loading values of each item after two iterations process
and the values of Cronbach alpha and Composite reliability can be seen in Table 1 below.
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Furthermore,[25] explained that the outer model for reflective indicators can be evaluated their
convergent validity and discriminant validity through the indicators that form the construct. Convergent validity
is formed when the scores from different instruments that measure the same construct show a strong correlation.
This condition has met the criteria as shown in Table 1 above. Meanwhile, Discriminant Validity functions to
determine that the concept of each latent variable is genuinely different from the concept of other variables. This
can also be assessed by directly observing the average variance extracted (AVE) square root values. A good AVE
value is > 0.50 [24]. Table 2 below shows that the AVE square root value has met the requirements.

By comparing the square root of AVE with the correlation of constructs in the model, it can be seen that
the square root value of AVE on each variable is more than its correlation value, it means that the research
model shows good discriminant validity. The comparison can be seen in table 3 below.

Table 1. Factor Loading, Cronbach Alpha (o), and Composite Reliability (CR)

ltems

PEOU

PU PI

INT (@)

CR

X2

0.773

X3

0.818

X4

0.746

0.751

X7

0.897

X9

0.890

0.773

X10

0.765

X11

0.888

X12

8.893

X13

0.760

0.818

X14

0.773

X15

0.789

X16

0.900

0.765

X18

0.901

X19

0.761

0.788

X20

0.766

X21

0.703

0.690

X22

0.779

X24

0.700

X25

0.817 0.796

X26

0.753

0.743

Table 2. AVE andAVE Square Root

Constructs AVE AVE Square
PEOU 0.745 0.863
PU 0.610 0.781
PS 0.776 0.881
INT 0.613 0.783

Table 3. Constructs Correlation and AVE Square Root

Constructs PEOU PU PS INT
PEOU 0.863

PU 0.665 0.781

PS 0.707 0.661 0.881

INT 0.254 0.233 0.260 0.783

Note: AVE Square Root is bold

4.2 Hypothesis Testing (Structural Model)

At this stage, hypothesis testing is carried out to determine whether it is accepted or rejected. The path
coefficient values can be ascertained by assessing the path coefficient based on the Smart PLS output.
According to [26], values in the range of -0.1 to 0.1 = insignificant. While > 0.1 = significant and directly
proportional, while < -0.1 = significant inversely proportional. Significance evaluation can also use the t-value

for two tailed of 1.64 (10% significance level), 1.96 (5%), and 2.58 (1%)[27].
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Table 4. Hypothesis Testing Results

Hypothesis Original Sample Mean | Standard | T Statistics | Sig.
Sample (O) | (M) Deviation | (O/STERR
(STDEV)
H1 | PEOU - INT 0.364 0.367 0.065 4.590 Significant*
H2 | PU > INT 0.450 0.428 0.067 5.189 Significant*
H3 | PEOU *Pl > INT | -0.275 -0.246 0.175 0.147 -
H4 | PU*Pl > INT 0.277 0.256 0.159 1.993 Significant**

Level of sig. *0.01; ** 0.05

Based on Table 4 above, from four hypotheses developed, three of them show significant results, two
hypotheses, namely PEOU and PU, show a significant direct relationship to INT. Meanwhile, PI significantly
acts as a moderating variable between PU and INT. The regression equation model can be written based on the
calculation of the path coefficient values above, namely: INT = 0.364 PEOU + 0.450 PU + 0.277PU * PI1 + €.

This equation explains that PEOU, PU, and PU * PI have a significant influence on INT. The difference
in the magnitude of the path coefficient value can be used in compiling variables based on the strength of their
influence, where the PU variable has a stronger influence than other variables. The symbol € represents other
variables that are not taken into account in this research. Furthermore, R? shown in the Smart PLS output shows
a figure of 0.46, which means that as much as 46% of the variation in INT data is significantly influenced by the
variables in the research model. The R? coefficient value of 0.46 is in the moderate category[28].

V. Conclusions and Recommendations for Future Research

This research explores the factors influencing the intention to use Insurance Technology (Insurtech) in
Indonesia by employing the Technology Acceptance Model (TAM) and examining the moderating effect of
personal innovativeness. The research results offer insightful information, especially for Insurtech developers,
marketers, and regulators. Perceived Usefulness (PU) and Perceived Ease of Use (PEOU) have direct solid
correlations with the intention to use Insurtech, indicating that Insurtech providers should prioritize these two
factors to promote adoption. In particular, focusing on PEOU, such as providing user-friendly design and
functionality, can lower the cognitive barriers, which makes adopting technology more easy and accessible for
prospective users, particularly those who are less tech-savvy. Next, show the direct benefits of using Insurtech,
such as savings, ease of use, and better personalization of services. This offer will strengthen the value
proposition and make Insurtech an alternative to traditional insurance practices. The emphasis on usability and
convenience can be a strong reason for users to switch to using Insurtech.

Furthermore, the role of personal innovativeness as a moderating variable is a valuable insight for
insurance companies in formulating strategies. For instance, a marketing segmentation strategy can be
implemented based on the level of consumer innovation. Users with high Personal Innovativeness will naturally
be more open to new technologies so that by offering relevant features according to their needs, it can encourage
faster adoption of Insutech. As is known, the moderating effect of personal innovativeness means that this
variable can further strengthen the relationship between perceived usefulness and the intention to use Insurtech.
The benefits of usability offered will be more substantial if the user has a personal Innovativeness character.
Conversely, for less innovative people, the emphasis may be placed on meeting specific needs related to
insurance products, for example, by preparing informative content related to the benefits of Insurtech. Future
research can add factors such as digital literacy and regulatory aspects in the context of cross-users and
stakeholders to gain a more comprehensive understanding of the intention to use Insurtech.
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